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4 Sentiment analysis
5 Big data
6 Opinion mining
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13 Topic Spotting
14 Aspect extraction
15 Polarity detection
16 Event concept
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8 microtext analysis

9 semantic parsing

10 Subjectivity detection
11 anaphora resolution
12 sarcasm detection
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18 Bag-of-words
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- <rdf:RDF>
— <rdf:Description rdf:about="http://sentic.net/api/en/concept/good_customer">
<rdf:type rdf:resource="http://sentic.net/api/concept"/>
<text>good customer</text>
— <semantics>
<concept rdf:resource="http://sentic.net/api/en/concept/save_money"/>
<concept rdf:resource="http://sentic.net/api/en/concept/buy_cheaper"/>
<concept rdf:resource="http://sentic.net/api/en/concept/better_price"/>
<concept rdf:resource="http://sentic.net/api/en/concept/sale”/>
<concept rdf:resource="http://sentic.net/api/en/concept/on_sale"/>
</semantics>
— <sentics>
<pleasantness rdf:datatype="http://w3.0rg/2001/XMLSchema#float">0.799 </pleasantness>
<attention rdf:datatype="http://w3.0rg/2001/XMLSchema#float">-0.92 < /attention>
<sensitivity rdf:datatype="http://w3.org/2001/XMLSchema#float">0</sensitivity >
<aptitude rdf:datatype="http://w3.0rg/2001/XMLSchema#float">0.896 </aptitude >
</sentics>
- <moodtags>
<concept rdf:resource="http://sentic.net/api/en/concept/surprise”/>
<concept rdf:resource="http://sentic.net/api/en/concept/admiration”/>
</moodtags>
— <polarity>
<value> positive </value>
<intensity rdf:datatype="http://w3.0rg/2001/XMLSchema#float">0.874 </intensity>
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</polarity >
</rdf:Description>
</rdf:RDF>
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