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3. For each ant Do

4. Solution construction by modelling the
problem in terms of pheromone vector;

5. Update the pheromone according to the
founded solutions:

6. Evaporation

7 Reinforcement

8. Until stopping criteria
9. Output: final pheromone vector, which specifies the
best-founded solution
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Algorithm 1 General pseudo-code of the Ant Colony

Optimization.
1. Initializing the pheromone trails
2. Repeat
components |
Solution "
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